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To our families. 

As many authors will tell you, every work is 
influenced and aided by many more people than the 
authors directly. Several friends and faculty colleagues 
helped us find and explore individual AI tools, 
including Dexter Hadley, Bill Zanetti, Richard Hofler, 
Patsy Moskal, Wendy Howard, Rebecca McNulty, 
Rowan Jowallah, and Lily Dubach. 

As interest in AI grows, so too does the mushrooming 
network of faculty support. This past year has seen the 
creation of FALCON, the Florida AI Learning 
CONsortium, which includes many support offices 
from campuses around Florida’s higher education 
landscape, in addition to many frontline faculty. There 
have also been multiple groups on the UCF campus 
sharing ideas and resources about AI. The work from 
both groups is reflected here in these pages, and we 
owe our thanks to all of them. 

We are indebted to Lee Dotson at the UCF Libraries for 
hosting this and other open source e-books at the UCF 
STARS repository.   

Finally, we are grateful to the members of our 
leadership team at UCF who supported this journey, 
including Provost Michael Johnson, Vice Provost Jana 
Jasinski, and Dean of the UCF Libraries Beau Case. 
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Introduction 
This book, our second in as many years about Generative 
AI (GenAI), is a result of our growing realization that 
faculty need ongoing support with AI tools. Your co-
authors work in the teaching & learning center at the 
University of Central Florida (http://fctl.ucf.edu), and we 
see firsthand that the faculty appetite to learn more about 
artificial intelligence is insatiable. It is not enough to 
provide merely an orientation and primary training. As 
faculty become familiar with one or more GenAI tools, 
their level of sophistication rises, and they are ready—and 
even hungry—for new challenges. Even more importantly, 
AI tools continue to proliferate, with new ones coming to 
market constantly, and even the familiar ones update over 
time, both by adding functionality and by changing how 
the tools might be used.   

This work attempts to capture a snapshot in time 
(mid-2024) of the various ways GenAI could be used by 
educators in the course of doing their jobs. Many of the 
specifics discussed here may well become outdated very 
quickly, but the germ of the idea will hopefully ring true 
even with AI tools of the future: namely, that we 
educators, like all workers in the knowledge economy 
being turned upside down by the promise of AI, need to 
demonstrate our ability to USE artificial intelligence, and 
to add value to its output. As the now-common saying 
goes, “You will not be replaced by AI… you will be 
replaced by someone who knows HOW to use AI.” 

http://fctl.ucf.edu/
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All of your authors come from a background in humanities 
and writing, and so it is not surprising that each of us 
experienced some version of the seven stages of grief when 
GenAI burst onto the scene. Do you recognize yourself, or 
any of your colleagues, in Kübler-Ross’s framework from 
On Death and Dying (1969)? Many of us started at the 
beginning phases by being in shock and denial—and we 
experienced pain, anger, and depression—but after 
spending a few months bargaining, we’re now 
reconstructing, working through the changes, and settling 
into acceptance... even hope! We’re aware that some 
frontline faculty members are still in the denial phase, and 
it is our hope that this book will help convince them that 
AI is not only inevitable and already here, but that it can 
be quite useful to them as faculty members as well.   

In the sections that follow, we will lay out applications for 
AI by educators, proceeding one at a time to lay emphasis 
on each basic idea, but then also allow space for some 
examples and a slightly deeper dive. We refer to these AI 
applications as “hacks,” a term by now familiar in uses 
such as “life hacks” which has become synonymous with 
“tips and tricks.” 

GenAI Fundamentals: How Large Language Models Work 

It’s worthwhile to pause for a brief explanation of how 
ChatGPT and similar tools work. There are many different 
types of AI, and several of them have been part of our 
everyday lives for years. Smartphone apps that provide 
driving directions are powered by AI, as of course are 
home assistants (Alexa, etc.) and machine translation apps 
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that effortlessly convert English into another language, 
even signs and printed text as seen through the phone’s 
camera, and vice versa. And there are many other such 
examples in modern life. 

ChatGPT and several of its competitors (Copilot, Gemini, 
Claude, Perplexity, etc.) are part of a branch of AI called 
“generative” AI, which is a category of software that 
generates an output after having learned common patterns 
and structures. The category includes not only text but also 
images and even video. Those that focus on text are called 
Large Language Models (LLMs). LLMs can generate text 
because they have absorbed billions or even trillions of 
pages of text, often described as having been “trained on” 
the material. This could include parts of the internet, 
published books, academic articles, and almost any printed 
and digital material deemed relevant for a broad audience. 
Ultimately, exactly what an LLM has been trained on 
remains a black box mystery, as few of the companies have 
been forthcoming with details. ChatGPT is so named 
because it’s optimized to provide a conversation (“chat”) 
that optimizes its generative pre-trained transformer 
(“GPT”) training.   

LLMs are essentially word-predictors. Based on all those 
prior examples of recorded text, they have a good idea of 
the next logical word in any given sentence. Thus, these 
systems don’t actually think. They don’t even comprehend 
the meaning of their words, leading some scholars to 
compare LLMs to parrots—they can mimic speech, but 
don’t understand what they are saying. Therefore, 
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everyone from educators to students needs to remember 
that these word predictors are not answer-generators. 

Or to put it more accurately, LLMs CAN—and almost 
always will—generate answers, but they are not always 
accurate. In the rare cases one of the LLMs refuses to offer 
an answer, it will claim to not have access to the most 
recent events or what’s current on the internet, or it  
will offer a rationale why it should not generate an answer 
for a particular query. But if it does provide an answer, it 
will deliver its response with verisimilitude and with 
absolute certainty. 

It’s understandable why users might accept LLMs’ 
explanations and arguments since they are usually 
delivered without the slightest hedging or trace of 
hesitation. Yet its answers are not always trustworthy. 
Since they not accessing a database of information known 
to be true, but merely generating “plausible next words,” 
LLMs sometimes invent (often called “hallucinate”) facts 
and details wholesale, and baldly assert them as if they 
were true. Fans of the board game Balderdash will 
recognize a similarity—like players in Balderdash, LLMs 
try to convince their audiences that they have provided 
true definitions. At the same time, while LLMs should be 
potentially distrusted when it comes to factual 
information, academic citations, and specific quotes, they 
are actually quite good at brainstorming and ideation—in 
particular when creating lists of sub-topics or bullets that 
relate to a given prompt.   
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AI Fluency 

Clearly, students will need new skill sets in the future to 
meet the challenges of future workplaces. Much has been 
accomplished toward career readiness through the efforts 
of the National Association of Colleges and Employers 
(NACE), particularly through the definition of eight core 
competencies: career and self-development, 
communication, critical thinking, equity and inclusion, 
leadership, professionalism, teamwork, and technology. 

We first defined AI Fluency in our 2023 open-source book 
ChatGPT Assignments to Use in Your Classroom Today at 
http://bit.ly/chatgptassignments. Since then, we’ve updated 
this definition and now view AI Fluency as consisting of 
five components: 

1. Understanding how AI works 
2. Deciding when to use AI (and when not to) 
3. Applying effective prompt engineering methods 
4. Displaying digital adaptability 
5. Adding human value 

These components are, in our view, broad enough to 
capture AI Fluency for not only ChatGPT and all LLMs, 
but also extend beyond GenAI to other types of AI as well.  

The first component, understanding AI, is important 
because there are different branches of AI—each with its 
own strengths and weaknesses—and one must understand 
the AI currently being employed to fully grasp its 
capabilities. LLMs like ChatGPT, for example, may be 

http://bit.ly/chatgptassignments
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prone to hallucinations, but this is not true of every type of 
AI. Artificial intelligence tools of the future may not 
construct output in the same fashion, so it’s important to 
have a minimal understanding of how the AI tool at hand 
creates its output. 

Deciding when to use AI and when not to is the second 
component. An experienced AI user must exercise sound 
judgment about the output of a particular AI. With LLMs, 
we know that it’s neither safe nor ethical to copy its output 
wholesale and represent this text as something created by 
an individual. There are also ethical issues of ownership 
and copyright, including the works of deceased creators. 
On the other hand, some uses of AI may be warranted, or 
even desired. For example, instructors may assign students 
to use LLMs to brainstorm ideas or use it themselves to 
assist in creating an assignment.   

Because AI doesn’t have the lifetime of experiences a 
human does, it is extremely poor at reading between the 
lines, or knowing what an imprecisely worded question is 
actually asking. Therefore, our third component to AI 
Fluency is creating effective prompts that elicit useful or 
desirable output. As the common phrase goes, if you put 
garbage in, you’ll get garbage out. We need to think about 
prompts (the question posed to the AI) in ways that are 
systematic, intentional, and deliberately plotted. While 
some disciplines already train students to think with these 
methods, especially about the architecture of programming 
or arguments, many do not. Prompt engineering is in 
many ways a discipline unto itself, and we all need to 
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become better at it. See the following section for more 
details about effective prompt engineering. 

The fourth component is digital adaptability. We 
recognize that artificial intelligence will continue to 
evolve; in fact, many believe its evolution and 
advancement will accelerate over time. As a result, people 
will not stay fluent if they are habituated solely to the one 
AI system they know. There will assuredly be future AI 
products, and these need to be approached with an attitude 
of curiosity and optimism, or at least not with reluctance, 
irritation, or resignation that yet another new system 
needs to be learned. We will all need the kind of 
disposition that welcomes lifelong AI learning and the 
flexibility to keep our attitudes positive as we embrace 
ongoing AI change. 

A truly critical skill, especially with ChatGPT and its 
hallucinations, is the ability to analyze and evaluate AI 
output, and in the process add human value, which is our 
fifth and final component of AI Fluency. We are 
increasingly seeing deepfakes in images and videos 
concerning public figures and celebrities, such that one 
truly should not trust one’s eyes when viewing digital 
images. We know that LLMs invent facts, names, and 
publications, and it does so with such confidence as to 
border on chutzpah. Users need to remember to approach 
AI output of all types with appropriate skepticism, a skill 
we likely need to develop further. Because AI can already 
automate so many tasks—and because future artificial 
intelligences will continue removing human agency from 
additional processes—the only employees needed in the 
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workplace of the future are ones who can add additional 
value to what the AI creates. This might look like 
correcting the AI output or applying/integrating it into 
other systems and processes that the AI cannot perform. 
After all, if workers CAN be replaced by AI, arguably they 
deserve to be. Future workers need to be “better than AI” 
to compete in the marketplace, and it’s our duty as 
educators to get them ready for that future. 

A Deeper Dive into Prompt Engineering: CAPTURE 

Because LLMs are still so new, there is not yet clear 
consensus on the best ways to prompt them. Some 
prominent advocates, including author and blogger Ethan 
Mollick, suggest that no rigid scheme or pattern to 
prompts is necessary at all, since LLMs are optimized to 
hold ongoing conversations, and users can simply adjust 
the ask with additional refinements, even ones written in 
half-sentences as one might say out loud to a human 
partner in conversation.   

Others, however, have tried to put some order and science 
into the process of prompting. Author Dan Fitzpatrick was 
first out of the gate with PREP: Prompt with a concise 
command, Role for the AI to undertake, Explicit 
instructions on what to do and how to do it, and 
Parameters such as format, tone, and length. He later 
refined this to PREPARE, adding Ask (tell it to ask you 
questions for refinement), Rate (it should grade its own 
response), and Emotion (appealing to its emotional side).   
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Dave Birss’s model is named CREATE: Character (giving 
the AI a role), Request (specific output you are looking 
for), Examples (give ideas to exemplify the desired tone), 
Adjustments (with refinements in follow-up prompts), 
Type (define the output’s format), and Extras (such as 
encouraging the AI to ask you questions or explain its 
thought process).   

With these models in mind, we set out to create our own 
framework that was both more specific AND able to be 
collapsed into a shorter format. Our framework is 
CAPTURE: 

• Context – tell the LLM why we need this output 
• Attitude – specify desired sentiment or tone   
• Persona – tell the LLM to roleplay as someone (this 

often improves output) 
• Task – define what output the LLM should create; 

the core of the ask 
• Uniqueness – include details, adjectives, adverbs to 

strengthen output 
• Requirements – ask for a specific length, format, 

level of sophistication, and the steps the LLM 
should take 

• Explain – how is this output derived? What steps 
did the LLM take to arrive at an answer? 

At first glance, our framework is similar to those created 
by Fitzpatrick and Birss. However, we also recognize that 
actual prompts used “in the wild” usually unfold in a 
specific order, which does not follow PREPARE, CREATE, 
or even CAPTURE. 
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We think of the essence of a real prompt to be, in this 
order: Persona, Context, and Task (or PCT for short). The 
remaining elements of CAPTURE are really sub-bullets 
and refinements of the “task”: Uniqueness, Attitude, 
Requirements, and Explain. 

Here’s an example of a prompt to put into an LLM:   

You are a college student researching medieval life 
(Persona). You need to learn about daily medieval life in 
Europe for an upcoming essay you will have to write 
(Context). Write five examples that explain how medieval 
life was not that different from modern America (Task). 
Include both gritty and mundane details, as well tools used 
in everyday life (Uniqueness). The output should be 
slightly playful (Attitude). The output should be organized 
in bullet points, and should be no more than two pages 
long, written at a level a middle-schooler would 
understand (Requirements). Specify which research and 
sources were used to arrive at this output (Explain). 

Finally, we encourage educators to become familiar with 
tools that can help you get even better with prompts.  
One such tool, Prompt Perfect asks you to write your 
prompt as best you can, then it will interview you for 
more information, and finally return a longer, more 
specific prompt that can be pasted into your LLM of 
choice. This type of inter-tool use of AI is likely the future 
of GenAI in higher education, at least in the short- to 
middle-term. 

https://promptperfect.jina.ai/home
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A Deeper Dive into Image Prompt Engineering: SCALE 

Prompting a GenAI tool to create an image (also called 
text-to-image functionality) requires some different 
vocabulary. The CAPTURE method isn’t a perfect match 
for what you need when detailing what an invented image 
should look like. Instead, we advocate the SCALE 
framework:  

• Subject
• Context
• Actions
• Layout
• Elements

The “elements” portion could fruitfully be expanded to 
include characteristics, details, adjectives, and style of the 
subject or overall image.  

Here’s an example prompt using SCALE: 

Create an image of a cartoon eagle (Subject). The eagle 
should look friendly, as if from a child’s picture book 
(Context). Depict the eagle flying a kite in a thunderstorm 
and speaking with a cartoon turkey (Actions). In the 
background, show a few trees and, off to the side, a red 
barn (Layout). Despite the setting in a thunderstorm, the 
image should be bright and cheerful, showing vivid colors 
such as the green grass underfoot and the rainbow-colored 
kite (Elements). 
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Scope, Reach, and Organization of This Book 

The tips and tricks provided in this volume were 
predominantly created without one particular GenAI tool 
in mind, partly in recognition that today’s leaders in LLMs 
technology may not be the leaders of tomorrow, or that 
LLMs might not even be the AI that matters mere years 
from now. However, this approach was not universally 
adopted. Some of the hacks discussed here are in fact 
specific to one tool. We are aware these examples will not 
age well. Other GenAI tools might add similar (or better) 
functionality, for instance. It’s also possible the tools 
displayed here might remove the discussed functionality in 
the future. Even the business models may change for 
specific tools, making the provided explanations outdated. 
Nevertheless, we felt it important to capture some up-to-
the-minute (for 2024) best practices, which, in today’s 
fragmented world of AI tools, meant including some 
specific tools and their capabilities. 

All of the sample prompts provided in this book were 
vetted with ChatGPT 3.5 (the public and free version) in 
mid-2024 to verify that they would provide interesting 
and relevant output that might be profitably utilized across 
disciplines. Future searches of ChatGPT, or of other LLMs, 
might not yield productive results. That said, it is our hope 
and strong suspicion that many, if not all, of the sample 
prompts provided here could apply to other LLMs beyond 
ChatGPT as well. We expect that most of these strategies, 
in other words, could be used by almost any related AI.   
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As for AI-generated text within this volume: there isn’t 
much. We wrote this book in mid-2024 without using AI, 
except in limited ways to test sample AI prompts for each 
of the assignments, and to aid with first drafts of the 
chapters about research. While we recognize that future 
book-length works may opt to follow our advice about 
using AI to help outline and chart writing projects, our 
own process only did so mostly as verification and after-
the-fact analyses instead of as first steps. We find it to be 
natural that current pedagogy experts and holders of 
terminal degrees may continue with their established 
composition practices that do not use AI in the initial 
stages, while the opposite may become more common for 
undergraduates in the next few years. Eventually, of 
course, these undergraduates will become our institutional 
colleagues, and yet another shift in mindset and practices 
may become advisable and necessary.   

While the book is organized by a contiguous set of 
numbers, it is also divided into sections: making your 
teaching life easier, making your faculty life easier, making 
your research easier, and additional specific AI tools you 
might want to consider. We conclude with some 
ruminations on how AI tools might continue to evolve, as 
well as our ways of using them to improve our lives and 
work outputs. We hope this book will provide you with 
support during these exciting—and daunting—times and 
inspire you to explore the possibilities of engaging LLMs 
and other AI tools into your curriculum. 

Kevin Yee, Laurie Uttich, Eric Main, and Liz Giltner 
UCF Faculty Center for Teaching and Learning 
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Section I: 
Make 

Teaching 
Easier 
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1 
Craft an Enticing Welcome 
Statement for Your Syllabus 

We often think of syllabi as legal documents that help 
adjudicate process and grade disagreements with students, 
or at a minimum that help set and calibrate student 
expectations when it comes to the number of major 
assignments, the anticipated weekly workload, and unique 
classroom policies. While these are all important and 
necessary functions of syllabi, a syllabus that only includes 
such core elements can very easily drift into an off-putting 
legalistic tone, creating the risk of alienating students in 
their first introduction to the course, when in fact we 
could (and should) be using the syllabus document to set a 
positive tone. After all, the syllabus frequently serves as 
students’ first introduction to you and to the course. If 
they encounter only no-nonsense expectations, it’s only 
natural that they may take the tone of the syllabus as an 
indication of what your personal interactions could be like.   

Given that LLMs are trained by ingesting countless pages 
of text, it is not surprising that they are expert at crafting 
texts themselves, especially ones shorter than a few pages. 
In this case, since we are only seeking one or two 
paragraphs, any LLM should be capable of creating the 
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desired output and tone. We just need to ensure, via 
careful prompt engineering, that we provide enough 
details about the desired output that it strikes the right 
tone. 

Sample LLM prompt: 

Roleplay as a college instructor assembling a syllabus for a 
course you’ll be teaching for the first time. You’ve already 
set the schedule of readings and assignments, and you 
know how the assessments will be weighted for the final 
grade. But you’re worried the tone of the syllabus might 
feel too legalistic for students and may make them 
unconsciously dislike the subject. Create a two-paragraph 
welcome statement for the start of the syllabus that will 
instead have the effect of making students excited for the 
subject and this class. The class is first semester organic 
chemistry, a class many students dread for its math 
content. Many of the enrolled students are historically 
pre-med majors who dislike organic chemistry as a 
tiresome requirement for the major. Stress the positive 
elements of the course for a pre-med student, as well as 
how its topics will be useful for many STEM-related 
disciplines. The tone should be optimistic, encouraging, 
inspiring, and persuasive for a traditional-aged college 
student. 
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2 
Summarize Your Biography for 

the Syllabus 
Because students so frequently encounter depersonalized 
syllabus documents, meaning there is little information 
about the instructor as a person, many students never 
become curious in the first place about the human being 
behind the class. This is a missed opportunity, however, 
since there are proven benefits when instructors humanize 
themselves to students, including students trying harder 
and studying more due to the social and interpersonal 
dynamics, ultimately leading to greater student success. 
Thus, it’s a recommended best practice to introduce not 
only the course in the context of skills to be prioritized, 
but also by introducing the instructor, ideally in a way that 
demonstrates your experience and readiness to teach this 
topic, but also injecting your own personality and 
humanity into the introduction. Creating such a summary 
on one’s own is possible, but it requires considerable time 
and thought, particularly when customizing a biography 
for a specific course. 

While it can be a drawn-out process to manually provide 
direct and succinct connections between one’s diverse CV 
and the course in question, such a task is simple indeed for 
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an LLM. While some LLMs crawl the current internet 
where your CV may be available online, it’s safer to direct 
the LLM to look at your CV only. This can be done by 
uploading the CV to the LLM (if you’ve chosen an LLM 
that allows uploads), or by pasting relevant parts of your 
CV along with the prompt. 

Sample LLM prompt: 

You are a sociology instructor. Next semester you will 
teach a class on environmental sociology, which you have 
not taught in more than seven years. Summarize the 
attached curriculum vita into an “About the Instructor” 
statement for the environmental sociology syllabus, 
making sure to point out the instructor’s past publications 
and preparation to teach this subject. The tone should be 
inviting, warm, and relatable for the average college 
student. The statement should only be one paragraph long 
so that students actually read it.  
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3 
Draft a Syllabus Statement to 

Map Course Outcomes to 
NACE Competencies 

It is an unfortunate truth that many students view college 
solely as a means to an end, as if its only value is the 
diploma that is needed to land the job. The underlying 
assumption tends to be that what they actually need to 
know to perform the job will be taught to them while 
working in the job. We know this to be fallacious 
thinking, and so do employers, but it has proven difficult 
to disabuse students of this kind of mental shortcut.   

One strategy that can help is to remind students—in every 
semester and in every class—how a particular course will 
impart skills and knowledge that will be useful for their 
future careers. Fortunately, we don’t need to reinvent the 
wheel of career readiness. The National Association of 
Colleges and Employers (NACE) has long advocated for a 
useful framework of competencies that evaluate career 
readiness across multiple domains: Career and Self-
Development, Oral/Written Communication, Critical 
Thinking/Problem Solving, Teamwork/Collaboration, 
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Technology, Leadership, Professionalism/Work Ethic, and 
Equity and Inclusion. 

Because the NACE competencies are not new, every LLM 
should know what they are in detail, and it would not be 
difficult to upload/paste the course’s Student Learning 
Outcomes (SLOs) into the LLM and ask for a syllabus 
statement that maps the SLOs to the skills employers want. 

Sample LLM prompt: 

Pretend you are an experienced humanities instructor, 
about to teach an Intro to Humanities course. You are 
aware that a majority of students in this class are taking it 
to meet General Education requirements for graduation. 
As a result, historically many students have struggled to 
see the relevance of the course to their future careers, 
especially if they are studying a STEM-related discipline. 
Write a one-to-two paragraph statement for the course 
syllabus that highlights for students the ways in which this 
course will advance their career readiness, as seen through 
the categories of the NACE competencies. Do this by 
examining the student learning outcomes and major 
assignments in the uploaded document. The statement 
should have a conversational tone, making the instructor 
appear approachable yet persuasive. You should also 
clearly indicate which assignments/outcomes map onto 
which NACE competencies. There is no need to find a 
match for every NACE competency. 
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4 
Write a Syllabus Statement for 
How to Succeed in this Course 

Although we might normally assume students who were 
accepted to college are truly “college-ready” in terms of 
fundamental math and writing skills, many are not… and 
most have not yet fully developed their critical thinking 
and problem-solving abilities. Surprisingly, this is 
sometimes true even at some of the most prestigious 
universities with strict admissions standards. Some 
students simply had an easier time in high school. Because 
the assignments and pace of learning in high school are 
slower than in college, many students were able to earn 
good grades in high school without needing to employ 
study skills or habits that help achieve long-term memory 
storage and deep learning. As a result, even “straight A” 
students sometimes don’t know the most fundamental 
study strategies like spaced retrieval practice and self-
quizzing. We as faculty should all feel a sense of ownership 
that it is our job, in every class we teach, to ensure 
students are exposed to techniques to help them become 
better students. 

Effective study skill strategies are well understood by 
learning scientists, in particular cognitive psychologists. 
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Although people may have differing learning preferences 
(such as group vs. solo study, silent study vs. listening to 
light music, etc.), it turns out that by and large humans 
learn in the same ways. Because this has become an 
agreed-upon science, much literature exists that lists the 
basics, and therefore LLMs are easily able to summarize 
these study skill techniques into a syllabus statement.   

Sample LLM prompt: 

Assume the character of a full-time lecturer working for 
the Interdisciplinary Studies program. Next semester you’ll 
be teaching a First Year Seminar course, which is often 
taken by First Time in College (FTIC) students as an 
onboarding course to the institution. Draft a syllabus 
statement entitled “how to succeed in this course” that 
explains effective study skills and strategies. Make use of 
wisdom gleaned from cognitive psychology but do not 
specifically refer to any particular studies. You should list 
at least six strategies, with 1-2 sentences of description and 
elaboration each, that will aid students in truly 
memorizing the information contained in your course. 
Keep the tone practical and attuned to the level of a high 
school senior. Make explicit to readers exactly why each 
strategy works for long-term memory formation.   
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5 
Compose Syllabus Policy 

Statements 
Syllabi are pretty self-explanatory when students are 
seeking to understand the workload of the course or how 
many tests and essays there are. But college classes differ 
from each other in significant ways, often having to do 
with the instructor’s expectations. One instructor might 
expect students to rewrite essays significantly between 
drafts, while another might never bother to check. One 
instructor might expect every citation listed in APA 7e 
format, while another might assume that no one needs to 
use citations at all. If these expectations are not clearly 
communicated, at a minimum students could become 
confused. But worse outcomes are also possible, such as 
students making their own assumptions and losing points 
if they didn’t match the instructor’s assumptions. Syllabus 
policy statements provide clarity for both parties.   

Experienced teachers know how to craft syllabi 
statements, but might still benefit from the brainstorming 
prowess of LLMs to dream up other possible, even 
advisable, policy statements. Newer instructors, 
meanwhile, might depend heavily on an LLM-generated 
list of policy statements so that they can leave as little to 
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chance as possible. Both populations of teachers will also 
benefit from how quickly LLMs can generate text. In no 
time at all, LLMs can generate lists of policies to include, as 
well as draft versions of the policies themselves, saving 
faculty hours of work.   

Sample LLM prompt: 

You’re an instructor with a new colleague in your 
department who wants advice on creating syllabus policies 
for an introductory course on Finance in the College of 
Business. This new colleague has never taught before and 
has nothing to base their syllabus on. Suggest a list of 5-8 
policies for grading that are common on syllabi in similar 
courses, another 5-8 policies about technologies (both 
instructor and student), another 3-5 about academic 
integrity and the technologies related to monitoring, and 
finally another 3-8 policies about the course not in those 
categories. Make each policy only 2-3 sentences long. 
Ensure that the tone is neutral rather than condescending, 
rude, or assuming the worst in students, but also not so 
welcoming that students are tempted to seek exceptions.   

If the LLM provides definitions but not examples, follow 
up with a request for sample language for all the policies.   
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6 
Prepare a Course Proposal 

Submission 
In many institutions, faculty require permission from their 
institutional peers before they can teach a completely new 
course for the campus. This may take the form of 
departmental approval, as well as permission from a 
curriculum committee, and sometimes even an 
interdisciplinary committee such as one for General 
Education or Undergraduate Studies. In some states, 
faculty even need to gain approval from a state governing 
body or board. Such course approvals are often thorough, 
requiring the submission of not only the course description 
and the whole syllabus, but often the complete list of 
student learning outcomes, deliverables and main 
assignments, and a schedule of weekly topics. It requires 
significant time and effort to put together all those 
documents—without a guarantee that the course will ever 
come to fruition—which can act as a disincentive to 
attempt submission in the first place.   

Large Language Models can create first drafts or polished 
revisions of all the required documents mentioned above, 
thereby saving instructors a lot of time, or at minimum 
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providing them with a starting point and lots of ideas for 
inspiration. 

If you have access to an LLM that allows you to upload 
documents, such as GPT-4o, Claude, or Perplexity, you can 
get even more enhanced results. Begin by uploading 
similar documents from other courses, then ask for a 
custom output that mimics those uploaded samples but for 
your new topic. Note that the LLM may have a limit on 
how many files per message are allowed.   

Sample LLM prompt: 

Let’s start a role play. You will be a relatively new 
instructor in the anthropology department looking to get a 
brand-new course approved through various institutional 
committees. The course will be a 3000-level class entitled 
“Denisovans and Hobbits: Separating Facts From Fantasy.” 
Create first drafts of all documents required to submit a 
proposal, including a paragraph-length course description, 
a syllabus, 8-10 student learning outcomes written with 
Bloom’s action verbs describing what students will be able 
to do by the end of the course, a list of larger assignments, 
and a weekly schedule of topics.   
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7 
Revise Existing Assignment 
Prompts to Nudge Student 

Success 
While stronger students know how to interpret the 
nuances of an assignment prompt to ensure they are 
maximizing their responses and they aren’t forgetting any 
angles, many students have not yet learned how to answer 
with sophistication and complexity. Certainly, additional 
student preparation and practice would help, but so too 
could a longer, more detailed prompt that clarifies 
directions for students to follow when crafting a response. 
This is not to say that our “normal” assignments are 
inadequate, but it is true that we sometimes forget to 
explain HOW an assignment will be graded (or how 
students should best go about completing the assignment). 
Even more common is that we often forget to explain 
WHY an assignment is assigned in the first place. If 
students don’t fully grasp the purpose behind an 
assignment, they might struggle with adequately meeting 
that need—and the reverse is true as well. Knowing the 
purpose will help them rise to that specific occasion in 
their answer.   
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To improve your assignments, paste them one at a time 
into the LLM along with a prompt to add transparency 
(the “why”, the “how graded”, and the “how to complete” 
details). You may also want to ask the LLM to explain the 
features of a high-scoring example.   

Sample LLM prompt: 

Let’s start a role play. You will portray an instructor in 
Interdisciplinary Studies about to begin a course teaching 
students to use ARC GIS software. You’re aware that some 
students in the past have struggled with the major 
assignments. Adjust and lengthen the assignment prompt 
that is pasted below in such a way that students will have a 
clearer understanding of how to proceed. Begin by 
explaining the rationale for giving the assignment (what 
skills does this reinforce?), and make sure you explain both 
how it will be graded in terms of specific rubric elements, 
and what steps students should take to complete the 
assignment successfully. Include details about what a high-
scoring paper would look like.   
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8 
Create Assignment Prompts 

While faculty members are experts in their field, that 
knowledge doesn’t always translate easily to course design 
or effective prompts for large assignments. It takes 
creativity to write good prompts, which can therefore 
require large investments of time. In today’s digital era, 
when electronic tools make it easy for students to share 
material from previous semesters to future semesters, there 
is a need to constantly refresh our assignments, increasing 
our workload.   

Apart from the time-saving element, LLMs can improve 
the process because they have access to many hundreds of 
examples, having ingested billions of pages of text in their 
training. This extensive training makes it possible, likely 
even, that an LLM-generated series of suggestions for 
assignments could yield unexpected discoveries. It is 
recommended that the LLMs be asked for multiple top-
level ideas for prompts at first, since faculty will want to 
judge the idea itself without the details needing to be in 
place. Once a winning idea is selected, it’s easy to create 
follow-up prompts to generate the final full prompt, 
including a longer description, a list of student learning 
outcomes, and a list of requirements for the product.   
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As a side note, consider that many students appreciate a 
choice in projects, so it may be best to narrow the list 
down to 2-3 choices rather than just one project everyone 
in the class must work on.   

Sample LLM prompt: 

In this scenario, you will inhabit the persona of a 
mechanical engineering instructor. Knowing that students 
share assignments and submissions with each other from 
prior semesters, you are motivated to create new 
assignments each year for your capstone class. Create a list 
of 10 possible capstone projects for your Senior Design 
class in mechanical engineering. For each list item, provide 
a 1-2 sentence overview (we will later choose a winner 
and seek a longer description, SLOs, and product 
requirements).   
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9 
Invent Course Readings for 

Writing Courses 
Courses that primarily teach writing or languages 
(including both English such as ESOL courses and foreign 
languages) face unique difficulties in the era of GenAI. 
Almost any assignment one might dream up is something 
an LLM would be able to write for a student. In these 
courses, the language itself is the content, and LLMs by 
definition deliver flawless language. Any culturally-related 
content (such as famous literature written in the target 
language) we might think to include in the assignment so 
that there is content beyond language is likely known to 
the LLM as well. What we need is a piece of content NOT 
known to the LLMs, yet not tremendously difficult for 
students to grasp.   

Oddly enough, even though the existence LLMs create the 
problem here, they can also create the solution! If we need 
content that isn’t part of the ingested training of any LLM, 
we just need to ask this same LLM (or a different one) to 
invent something, such as a story or a case study. With 
everything entirely fictional, the details won’t exist in the 
training of any LLM, and an assignment based off that 
reading would be safe to give students in an LLM-infused 
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world. One caveat: some LLMs use input prompts, as well 
as their generated outputs, to continue to train the model. 
In that event, a fabricated product or story might become 
part of the knowledge base of this particular LLM. If you 
have access to it, a “walled garden” LLM is the optimal 
place to generate the invented product or story, since this 
type of LLM does not “phone home” and train the model. 
You are most likely to have access to such a walled garden 
LLM if your university has arranged for this type of LLM 
at an institutional level.   

After the fictional text is created, it can become a reading 
assignment. Then, a writing assignment based on that 
reading can be created. (In the example below, writing a 
marketing strategy could be one such assignment.) 

Sample LLM prompt: 

Working as a graduate teaching assistant in charge of your 
own Composition class, create a detailed case study about 
“divisional zyblocks,” a physical product used between 
fingers to alleviate arthritis. Although this is a fictional 
product, you will write a case study about it as if it were 
real. Invent the history of its development, including 
details about key players and conflicts (financial, political, 
or medical) that occurred along the way to FDA approval. 
Make sure the case study is at least five pages long, adding 
enough embellishments and details that it reads as 
realistically as any published case study. End the case with 
the next pending step being marketing to the public. 
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10 
Generate Test Questions 

Faculty can be forgiven for re-using tests semester after 
semester. After all, who has time to write all new 
questions each term? The problem is, eventually these test 
questions make it out into the student community, 
whether through third-party clearinghouses (CourseHero, 
Chegg, etc.), on-campus Greek organizations, messaging 
apps (WhatsApp, GroupMe), or even loose friendship 
networks. Once the actual test questions are out there, 
student cheating is likely to increase.   

LLMs, fortunately, are quite adept at creating test 
questions, including multiple-choice questions, arguably 
the most desirable kind for instructors, because they are 
self-grading. Of course, LLMs are equally good at 
inventing open test questions as well, in case you have 
adequate grading resources at your disposal to use this 
more accurate gauge of student understanding.   

The prompt for the LLM could be as simple as asking for 
ten multiple-choice questions about a single sub-topic 
from the current chapter. However, if a level is not 
specified, you might find the output heavy on definitions 
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and identification, which are low-level tasks that might 
not be a match for what you’re trying to test. Instead, it’s 
useful to specify one or more levels of Bloom’s Taxonomy 
for the questions to be generated. It can be an especially 
effective strategy to generate a miniature quiz bank of each 
sub-topic. Most LMSs (Canvas, D2L, Blackboard) allow for 
test question groups, such that every student gets a 
different test, but each test has one question on each sub-
topic from the chapter. 

Note: it’s important to reset the LLM by clicking the “new 
topic” (or “new conversation”) button after each 
generation of questions. Otherwise, what’s being asked 
will begin to blur, as the LLM believes you are continuing 
a conversation rather than starting a new one.   

Sample LLM prompt: 

You are a physics instructor teaching first-year college 
Physics. You’ve had evidence before that tests from 
previous years are in the student population, so you want 
all-new tests. Create ten multiple-choice questions on the 
subject of Vectors, Scalars, and Coordinate Systems. The 
first five should be gauging Knowledge or Comprehension 
on Bloom’s Taxonomy, while the last five should test 
Application. Each question should have a relatively short 
stem, and four possible answers. The three distractors 
should be realistic options that an uninformed student 
might select. 
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11 
Generate GRE-Style Test 

Questions 
In the era of GenAI, the take-home essay may be dead. In 
a majority of cases, students can meet the assignment by 
having an LLM generate an output. Some students know to 
doctor the output to decrease the chances they will get 
caught, but by and large this type of assignment is on the 
wane, particularly as automated writing tools continue to 
increase in complexity. Eventually we won’t be able to 
confidently distinguish student writing from AI writing no 
matter what we do.   

As a result, we need new ways to think about measuring 
critical thinking, especially in online classes, where we 
don’t have the option to perform in-class writing. The 
most viable solution, at scale, is to switch to multiple-
choice testing that measures higher-order thinking. Such 
questions are difficult to write, but we’ve seen them work 
in tests such as the GRE (and to a lesser extent, the SAT). 
The examples usually boil down to a dense text to read, 
followed by several questions about the text that call for 
judgment and evaluation.   
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We can generate such questions with an LLM, saving vast 
quantities of time, so long as we prompt carefully. We can 
also ask some LLMs—like GPT-4o and Gemini 
Advanced—to create images, tables, charts, and other 
illustrations to accompany these questions.   

In the example below, a few alterations from the previous 
example yield totally different results.   

Sample LLM prompt: 

You are a physics instructor teaching first-year college 
Physics. You’ve had evidence before that tests from 
previous years are in the student population, so you want 
all-new tests. Create five multiple-choice questions on the 
subject of Vectors, Scalars, and Coordinate Systems. All 
five of these questions should test Analysis or Evaluation 
on Bloom’s Taxonomy. The questions should be preceded 
by a text and/or graphic to read and interpret, and all five 
questions will depend on understanding the reading and 
graphic. The three distractors should be realistic options 
that an uninformed student might select. 
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12 
Develop Rubrics 

Many faculty members rely on rubrics to grade student 
work because they often streamline the process by 
allowing us to easily pinpoint relevant categories that 
impact grades. Students appreciate rubrics as well since 
they provide more details about our expectations for the 
assignment. However, while rubrics save time during the 
grading process, they can be time-consuming to create   
and calibrate.   

LLMs can help. Because they generate text so well, it’s easy 
for them to create the various levels of each rubric 
category (top scoring, middle levels, and low scoring). 
Faculty members only need to specify what the categories 
are, each one functioning like a sub-grade of the overall 
score. Such an output alone would be a time saver for 
faculty, even if delivered one paragraph at a time. 
However, many LLMs—including Copilot, ChatGPT, 
and Gemini Advanced—can deliver an entire rubric in a 
table format, which can then be copy-pasted directly into 
a document file. While the documents cannot yet be 
imported directly into an LMS for the kind of grading   
that involves clicking the rubric on-screen, the table 
format makes it easy to see what to duplicate within the 
LMS interface.   
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